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Abstract. A novel bias adjustment technique for 2D direc-
tional wave spectra is presented, which accounts for the intra-
annual temporal variability of waves and the conservation of
the wave energy integrated parameter and its extreme distri-
bution, allowing for shifts in frequency and direction given
by the global climate model and regional climate model
(GCM–RCM) climate signal for the complete multimodal
energy distribution. This work is the first attempt to address
the biases inherent in GCM–RCM wave spectrum simula-
tions for an assessment of the magnitudes of the projected
changes in a climate change scenario. The bias-correction
method is applied to a multimodel ensemble of 17 EURO-
CORDEX regional simulations of wave spectra in 11 loca-
tions of the Mediterranean Sea. Climate change impacts are
assessed by means of the changes between the bias-adjusted
ensemble and hindcast wave spectra for mid-century condi-
tions from 2034 until 2060 and end-of-century conditions
from 2074 until 2100. The results highlight the need for
novel bias-correction techniques that address the complexity
of the possible directional and frequency shifts due to cli-
mate change, in order to provide an accurate assessment of
projected future changes in the wave climate.

1 Introduction

Projected changes in wave climate due to shifts in atmo-
spheric circulation have significant implications for coastal
planning, adaptation, and mitigation strategies. Accurate rep-
resentation of current and future wave climate, including
its multimodal characteristics, is crucial for understanding
coastal hazards and designing effective measures (IPCC,
2019; Oppenheimer et al., 2019). Several studies (Echevarria

et al., 2019; Mortlock and Goodwin, 2015; Portilla-Yandún
et al., 2016; Villas Bôas et al., 2017; Shimura and Mori,
2019) have highlighted the importance of resolving direc-
tional wave spectra when capturing the complexity of ocean
waves and identifying different wave systems lacking in tra-
ditional studies of wave climate variability, which focus on
integrated parameters such as significant wave height, mean
wave period, and mean wave direction. Recently, Lobeto
et al. (2021a) and Lira-Loarca and Besio (2022) presented
studies on projections of 2D direction wave spectra in differ-
ent locations around the world and in the Mediterranean Sea,
respectively, and highlighted the importance of considering
the multimodal behavior of waves for better understanding
future changes in waves due to climate change.

Wave projections in climate change scenarios are usually
generated by wave generation and propagation models driven
by surface winds from global climate models (GCMs) or
high-resolution dynamically downscaled surface winds from
regional climate models (RCMs) (Morim et al., 2018; Ja-
cob et al., 2020; Lira-Loarca et al., 2021b). However, sys-
tematic biases are present in GCM atmospheric simulations
and RCM downscaling due to factors such as spatial resolu-
tion, simplified physics and parameterizations, internal vari-
ability, and downscaling processes (Christensen et al., 2008;
Teutschbein and Seibert, 2012). Among the different out-
puts of GCMs and their regional downscaling GCM–RCMs,
wind fields are known for depicting large uncertainties linked
to their local-scale effect capture with only very high hori-
zontal distributions, their spatial heterogeneity, and the chal-
lenge for climate models to accurately characterize the tur-
bulent nature (Outten and Sobolowski, 2021). When using
GCM–RCM wind field data to force wave climate projec-
tions, these biases and uncertainties are inherited, requiring
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the application of bias adjustment methods to ensure accu-
rate coastal impact projections (Lemos et al., 2020b). Fur-
thermore, the wave climate presents varying timescales rang-
ing from decadal, intra-annual, to seasonal as well as storm
events, swells, and wind waves exhibiting high temporal vari-
ability, which should be considered when applying bias cor-
rection techniques (Lira Loarca et al., 2023).

While bias correction techniques are widely used in stud-
ies involving climatic and hydrological variables such as pre-
cipitation and temperature (scalar variables varying in space
and time), their application to the wave climate is found in a
limited number of studies (Lemos et al., 2020b, a; Costoya
et al., 2020; Lobeto et al., 2021b; Lira-Loarca et al., 2021a)
and remains a challenging task due to the multivariate be-
havior and diverse temporal and spatial variability of waves.
The wave climate is often defined by the main integrated
wave parameters Hs (significant wave height), Tm/Tp (mean
or peak wave period), and θm/θp (mean or peak wave di-
rection), which are intrinsically correlated in both space and
time and present, by themselves, a high temporal variability
on different timescales. Lemos et al. (2020b) applied tradi-
tional bias adjustment techniques, such as the delta method,
empirical quantile mapping (EQM), and empirical Gumbel
quantile mapping (EGQM), to the univariate scalar variables,
Hs, and they highlighted the performance of EGQM over the
other methods in the characterization of extremely significant
wave heights. Regarding the need to account for the tempo-
ral variability of the wave climate, Lira-Loarca et al. (2021a)
compared the EQM method with the EQM-month method by
considering different time periods (full, seasonal, monthly,
and day of year) and highlighted the need to consider the
temporal variability of waves in order to accurately adjust
biases, providing good performance in capturing the correla-
tion and interannual temporal variability. When considering
2D directional wave spectra, Lira-Loarca and Besio (2022)
applied a simple delta method where the seasonal mean of
each bin (frequency and direction) was adjusted to match that
of the hindcast, and they discussed how this method fails to
account for the 2D energy distribution and possible bin vari-
ability and how it does not allow reconstruction of the bias-
adjusted time series of directional spectra, pointing to the
need for further research that addresses the correction of sys-
tematic errors in 2D wave spectra and accounts for changes
in the different wave systems, their extreme characteristics,
and their temporal variability.

Among the bias adjustment methods, the distribution map-
ping (DM) method, also known as empirical quantile map-
ping, probability mapping, or quantile–quantile mapping,
and EGQM are widely utilized with atmospheric variables
due to their flexibility and ability to address extreme values
in the distribution (Teutschbein and Seibert, 2012; Déqué,
2007). The aim of this study is to present the SEGDM-
month method, a novel bias correction method for the 2D
directional wave spectrum that preserves the behavior of the
integrated wave energy. The proposed method is based on

the conversion of the wave spectrum into energy, the cor-
rection of wave energy using the empirical Gumbel distri-
bution mapping (EGDM) method applied on a monthly ba-
sis to account for wave climate temporal variability, and the
reconstruction of 2D directional wave spectra maintaining
the original energy distribution within frequencies and direc-
tions. This method has been implemented for 11 locations in
the Mediterranean Sea (Fig. 1), where validated hindcast and
multimodel GCM–RCM wave spectrum series are available.

The paper is organized as follows: the “Methods and data”
section presents the hindcast and GCM–RCM wave spectrum
datasets used in this study, the skill statistics used to quantify
the performance of the GCM—RCMs, and the proposed bias
correction methodology. The results are presented in the Re-
sults section and are discussed in the “Discussion and con-
clusions” section.

2 Methods and data

2.1 Projections of directional wave spectra

The wave spectrum hindcast used in this work as a proxy
for observations was developed by the MeteOcean research
group (https://meteocean.science, last access: 11 April 2025)
of the University of Genoa (Italy), offering hourly high-
resolution wave data from 1979 to 2020 on a regular grid
with a resolution of 0.127 by 0.09° in longitude and lati-
tude, respectively, equivalent to ≈ 10 km and an hourly 2D
directional wave spectrum, S(f,θ ), for 11 locations in the
Mediterranean Sea, as shown in Fig. 1 and Table 1 (Lira-
Loarca and Besio, 2022). These locations cover a variety
of subbasins within the Mediterranean Sea with distinct re-
gional and local wave dynamics (Lazzari et al., 2012; Be-
sio et al., 2016; Di Biagio et al., 2020; Barbariol et al.,
2021). The energy spectrum of each location is divided
into 24 directional bins, θ , of 15° each, and 25 frequency
bins, f , ranging from approximately 0.07 to 0.66 Hz (or
1.5 to 15 s per period). The hindcast has been developed
with the third-generation wave model Wavewatch III (version
5.16) (The WAVEWATCH III:® Development Group, 2019)
with the growth and dissipation ST4 source terms (Ardhuin
et al., 2010; Rascle and Ardhuin, 2013). The hindcast data
have been validated using buoy observations in various lo-
cations in the Mediterranean Sea. For more information on
the setup and validation, please refer to Mentaschi et al.
(2013a, b, 2015) and Besio et al. (2016).

Wave climate projections were obtained with the same
WW3 configuration forced by surface wind fields of 17
EURO-CORDEX (Table 2) (Jacob et al., 2014, 2020) models
(GCM–RCM combinations) with a temporal resolution of 6 h
(Lira-Loarca et al., 2021b; De Leo et al., 2021; Lira-Loarca
and Besio, 2022). Wave-integrated parameters and 2D direc-
tional spectra for the 11 locations were obtained for each
GCM–RCM for the base period (1970–2005) and RCP8.5
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Figure 1. Locations and identification of the analyzed places.

Table 1. Analyzed locations for the different representative regions of the Mediterranean Sea.

Point Longitude Latitude Region Approximate
ID depth (m)

West-1 −4.5 36.21 Alboran Sea 1000
West-2 5.69 40.71 Western Mediterranean 2700
North-1 8.87 43.86 Ligurian Sea 1240
Centre-1 13.96 38.91 Tyrrhenian Sea 3400
North-2 13.96 44.31 Adriatic Sea 60
Centre-2 17.78 35.76 Central Mediterranean 4000
Centre-3 19.06 38.91 Ionian Sea 1360
South-1 19.06 31.26 Gulf of Sidra 830
Centre-4 24.79 40.26 Aegean Sea 780
East-1 30.52 33.51 Levantine Sea 2600
East-2 34.97 35.76 Eastern Mediterranean 1100

scenario (2006–2100). For details of the definition and per-
formance of the different RCMs used in this work, the reader
is referred to Strandberg et al. (2014) for the Rossby Cen-
tre regional climate model RCA4, Will et al. (2017) for the
CLM-Community CCLM4-8-17 model, Christensen et al.
(2007) for the Danish Climate Centre regional climate model
HIRHAM5, and Leutwyler et al. (2017) for the COSMO-
CLM accelerated version COSMO-crCLIM-v1-1.

The integrated parameter, wave energy E (m2), is defined
as

E =

2π∫
0

∞∫
0

S(f,θ) df dθ, (1)

where S(f,θ) is the directional wave spectrum.
The contribution of a spectral bin (f , θ ) to the directional

wave spectrum is defined as

Ŝ(f,θ)=
S(f,θ)1f1θ

E
. (2)

2.2 Skill statistics

Skill statistics (bias and RMSE) have been computed for the
monthly means and maxima of the directional wave spec-
tral density function between the GCM–RCM data and the
hindcast for the common period of 1979–2005 for all the lo-
cations and models presented in the tables:

bias=
1
N

N∑
i=1

(
S(f,θ)

baseline
RCMi

− S(f,θ)hindi

)
, (3)

RMSE=

√√√√ 1
N

N∑
i=1

(
S(f,θ)

baseline
RCMi

− S(f,θ)hindi

)2
, (4)

where S(f,θ) is the seasonal mean directional wave spec-
trum, N is the length of the dataset, and the subscripts
and superscripts hind and RCM|baseline correspond to the
hindcast and GCM–RCM baseline simulations, respectively,
from 1979 to 2005.
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Table 2. Notation of the used EURO-CORDEX GCM–RCM datasets.

RCM

GCM CCLM4-8-17 RCA4 HIRHAM5 COSMO-crCLIM-v1-1

CCCma-CanESM2 CCLM4-CanESM2
MIROC-MIROC5 CCLM4-MIROC5
MPI-M-MPI-ESM-LR RCA4-MPI-ESM-LR HIRHAM5-MPI-ESM-LR
NCC-NorESM1-M RCA4-NorESM1-M HIRHAM5-NorESM1-M COSMO-crCLIM1-NorESM1-M
CNRM-CERFACS-CNRM-CM5 RCA4-CNRM-CM5 HIRHAM5-CNRM-CM5
IPSL-IPSL-CM5A-MR RCA4-IPSL-CM5A-MR HIRHAM5-IPSL-CM5A-MR
MOHC-HadGEM2-ES RCA4-HadGEM2-ES HIRHAM5-HadGEM2-ES COSMO-crCLIM1-HadGEM2-ES
ICHEC-EC-EARTH RCA4-EC-EARTH HIRHAM5-EC-EARTH COSMO-crCLIM1-EC-EARTH

2.3 Bias correction

The bias adjustment methodology consists of (i) the con-
version of 2D directional wave spectra into wave energy,
(ii) the correction of the wave energy 3 h time series us-
ing the EGDM-month method, and (iii) the reconstruction
of the wave spectrum conserving the initial energy distribu-
tion in the frequency and directional bins. The bias correc-
tion method proposed in this study, spectral energy Gumbel
distribution mapping per month (SEGDM-month), is based
on the well-known distribution mapping (also known as the
empirical quantile mapping) method (Déqué, 2007) and its
adaptation for the correction of the upper tail of the distri-
bution using a Gumbel parametric distribution (Lemos et al.,
2020b). To account for the temporal variability of the wave
climate, correction is done on a month-by-month basis, cor-
recting each month independently (Lira Loarca et al., 2023).
The DM method consists of the adjustment of the distribu-
tion of the GCM–RCM projections to match the distribution
of the reference historical data:

E∗ = F−1
hind

(
F baseline

RCM (E)
)
, (5)

where E∗ is the bias-adjusted energy, Fref is the distri-
bution function of the reference historical data (hindcast,
1979–2005), and F baseline

RCM is the distribution function of each
GCM–RCM during the baseline period (1979–2005). The
correction is implemented using the empirical cumulative
distribution of the datasets for the lower tail and mean body
of the distribution (up to the 90th quantile) with linearly dis-
tributed quantiles [q1, q90] every 1 quantile. The upper tail of
the distribution (above the 90th quantile) is corrected accord-
ing to the bias between the parametric Gumbel distributions
of the GCM–RCM and reference data.

Once the energy of the integrated parameter, E, has been
bias-corrected, the conversion to the directional wave spec-
trum is done, conserving the relative contribution of each
spectral bin (f , θ ) to the original wave spectrum (Ŝ(f,θ),
Eq. 2):

S∗(f,θ)= E∗ · Ŝ(f,θ), (6)

where S∗(f,θ) is the bias-corrected directional wave spec-
trum.

2.4 Performance of bias correction methods

To measure the effectiveness of the bias correction method,
simple delta methods have been employed for both the
RMSE and bias, defined as

1RMSE= RMSE∗−RMSEraw

and 1bias= |Bias∗| − |Biasraw
|, (7)

where the ∗ superscript denotes the bias-corrected metric
and the raw superscript denotes the raw metric (without bias
correction). Therefore, a negative 1 indicates better perfor-
mance of the bias-adjusted data with respect to the raw data.

2.5 Projected changes in the 3D directional wave
spectra

The assessment of future changes in the directional wave
spectra under RCP8.5 was done through analysis of seasonal
differences between the multimodel ensemble mean and the
hindcast wave spectra. For the calculation of the multimodel
ensemble mean, a weighted approach is used:

WE
[
S(f,θ)

]
=

∑Nm
m=1wm · S∗(f,θ)m∑Nm

m=1wm
, (8)

where S∗(f,θ)m refers to the bias-adjusted seasonal
mean energy density for each GCM–RCM (m= 1. . .17),
WE

[
S(f,θ)

]
represents the seasonally weighted multimodel

ensemble mean, Nm is the number of GCM–RCMs included
in the ensemble (Nm = 17), and wm denotes the correspond-
ing weight for each GCM–RCM, which is calculated based
on the number of ensemble members forced with the same
GCM in relation to Nm. An ordinary arithmetic ensemble
mean was also calculated, yielding similar results to the
weighted mean approach.

To assess the projected changes in directional wave spectra
between the GCM–RCM simulations for the future RCP8.5
and baseline scenarios, the relative change is evaluated be-
tween the multimodel ensemble seasonal mean for both pe-
riods:

1S(f,θ)=WE
[
S(f,θ)

]
RCP8.5−WE

[
S(f,θ)

]
baseline, (9)
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where 1S(f,θ) represents the seasonally projected relative
change and S(f,θ)hind corresponds to the hindcast seasonal
mean.

3 Results

3.1 Performance of bias-adjusted 2D directional wave
spectra

The performance of the SEGDM-month bias adjustment
method is first assessed through the correction of the inte-
grated wave energy parameter. Figure 2 presents, for each
panel, the monthly variability of different energy percentiles
for the hindcast (dotted line) and the multimodel ensemble
mean (solid line). The ensemble uncertainty is quantified
with 1 standard deviation (shaded region). The rows corre-
spond to different locations, while the columns present the
raw (left) and bias-adjusted (right) GCM–RCM ensembles.
The bias in the wave energy monthly distribution of the raw
GCM–RCMs is higher for the higher percentiles, both in
magnitude and in the ability to represent the temporal vari-
ability. The raw GCM–RCMs presented an overestimation
of the upper quantiles for the winter months for North-1
(Ligurian Sea), West-2 (Western Mediterranean) and East-1
(Levantine Sea) and an underestimation for North-2 (Adri-
atic Sea) and West-1 (Alboran Sea), which are adequately
corrected by the SEGDM-month method for all the locations,
advocating the use of bias correction methods for integrated
parameters. Additionally, the use of the Gumbel distribution
for the upper tail allows for a correct characterization of the
energy extremes of the bias-corrected GCM–RCM simula-
tions depicted by the higher percentiles.

In order to understand the performance of the GCM–
RCMs against the hindcast during the baseline period (1979–
2005) for the 2D directional wave spectra, the seasonal bias
(Eq. 3) and the RMSE (Eq. 4) of the monthly mean values
of the wave spectrum are computed. We present the results
of the bias for all of the seasons to analyze the capacity of
the method to capture the intra-annual temporal variability of
waves. Due to space limitations, we only present the RMSE
during winter (December–January–February or DJF), where
the highest wave energy systems are expected. The remain-
ing seasonal RMSE results are presented in the Supplement.

Figure 3 presents, for each analyzed location, the winter
(DJF) mean of the wave spectrum monthly means for the
hindcast (left), the bias between the hindcast and the raw
GCM–RCM (middle), and the difference in the bias 1Bias
(Eq. 7) for the bias-adjusted GCM–RCM (right). For each lo-
cation, the worst-performing GCM–RCM is presented. Fig-
ures 4 to 7 present, for the monthly means, the winter RMSE
and the spring, summer, and fall biases.

For the winter bias of the monthly means (Fig. 3), the
results show a systematic underestimation for the most en-
ergetic bins for the raw GCM–RCM spectra in the West-

1 (Alboran Sea), West-2 (Western Mediterranean), North-2
(Adriatic Sea), and Centre-4 (Aegean Sea) locations, while
the remaining locations present an overestimation of the
most energetic bins which correspond to the swell system.
A negative 1Bias indicates an improvement in the perfor-
mance of the GCM–RCM wave spectra with respect to the
hindcast due to bias correction. It can be observed that the
bias, in the most energetic systems, is reduced for all of
the locations, except for North-2 (Adriatic Sea) and Centre-
4 (Aegean Sea), where no noticeable changes are observed,
and Centre-3 (Ionian Sea), where the most energetic system
(SE–SW) presents decreases for the southwesterly waves and
increases for the southeasterly waves. It can also be observed
that, for some locations, the use of the bias correction method
leads to an increase in the bias for the least energetic sys-
tems, as observed for West-1 (Alboran Sea), Centre-3 (Io-
nian Sea), North-2 (Adriatic Sea), West-2 (Western Mediter-
ranean), and Centre-4 (Aegean Sea), where increases in the
biases range from 0.002 to 0.005 m2 s per degree but the inte-
grated wave energy is conserved in the hindcast distribution.

Regarding the winter mean of the RMSE of the monthly
means depicted in Fig. 4, it can be observed that the use
of the bias correction method presented in this work leads
to increased error in the North-2 (Adriatic Sea) and Centre-
4 (Aegean Sea) locations for the winter RMSE, although
different behaviors are observed for the remaining sea-
sons (Supplement). Indeed, the North-2 (Adriatic Sea) and
Centre-4 (Aegean Sea) locations are characterized by local-
scale phenomena that might not be captured entirely by
GCM–RCM resolution (Lira-Loarca and Besio, 2022). In the
case of West-1 (Alboran Sea), Centre-3 (Ionian Sea), and
West-2 (Western Mediterranean), where the bias presented
a decrease in performance for the bias-adjusted low-energy
systems, the RMSE depicts an increase in performance for
all of the bins. This is due to the calculation of the RMSE
for wave spectrum errors, which exhibit values less than 1,
and upon squaring them their magnitudes diminish further,
leading to smaller errors for the RMSE with respect to bias.
For the remaining locations, the application of the bias ad-
justment techniques leads to an improved performance of the
data for all of the spectral bins.

Regarding the bias correction results for the remaining
seasons, Figs. 5–7 present the bias of the monthly means for
spring, summer, and fall, respectively. Similar behavior is de-
picted for all of the seasons, where the bias correction leads
to improvement in performance for the most energetic wave
systems. Spring (March–April–May or MAM, Fig. 5) and
fall (September–October–November or SON, Fig. 7) present
a similar spectrum distribution for hindcasts to winter. As de-
scribed previously, for the winter monthly means, the bias
correction led to an increase in errors for some locations,
whereas in the case of spring and fall the bias correction leads
to a general improvement in the performance for all of the lo-
cations. For example, the West-2 (Western Mediterranean),
West-1 (Alboran Sea), and Centre-4 (Aegean Sea) locations
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Figure 2. Energy E (m2) monthly percentiles (10th, 25th, 50th, 75th, 90th, 95th, and 99th) for the hindcast (dotted line) and the multimodel
ensemble mean (solid line), together with 1 standard deviation from the mean (shaded region) for the baseline period (1979–2005). The rows
present the different analyzed locations: North-1 (Ligurian Sea), West-2 (Western Mediterranean), North-2 (Adriatic Sea), West-1 (Alboran
Sea), Centre-2 (Central Mediterranean), and East-1 (Levantine Sea). The columns correspond to the raw and bias-adjusted GCM–RCM data.
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Figure 3. Results of the monthly mean 2D spectra averaged over the winter (DJF; m2 s per degree). For each location there are the hindcast
wave spectrum (left panel), bias between the raw worst-performing GCM–RCM and hindcast (middle panel), and 1Bias between the bias-
adjusted Bias∗ and the raw bias. The star in the hindcast or left panel represents the locations of the points corresponding to Fig. 1.
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Figure 4. Results of the monthly mean 2D spectra averaged over winter (DJF; m2 s per degree). For each location: hindcast wave spectrum
(left panel), RMSE between the raw worst-performing GCM–RCM and the hindcast (middle), and the 1RMSE between the bias-adjusted
RMSE∗ and the raw RMSE.
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presented an increase in errors in the least energetic systems
after the bias correction during winter, but this is not the case
for spring and fall, when there was a general improvement in
all of the systems in these locations. Although the hindcast
energy density magnitude for spring and fall is smaller than
in winter, decreases in bias of around 50 % are observed for
all of the locations and systems. Similar behavior is depicted
for the summer mean bias (Fig. 6), where the bias correction
leads to an improvement in performance in almost all of the
locations, with the exception of North-2 (Adriatic Sea) and
East-1 (Levantine Sea) for the low-energy bins. Therefore,
the use of the monthly EGQM method presented in this work
captures the intra-annual temporal variability of the spectra
and correctly adjusts the bias for all of the seasons.

3.2 Future changes in 2D wave spectra in RCP8.5

Regarding future changes in the RCP8.5 climate change
scenario, Figs. 8 and 9 present projected changes for fu-
ture monthly means and maxima, respectively, during spring
(MAM). The seasonal monthly maxima are the average of
the monthly maxima of the 2D directional wave spectra dur-
ing the analyzed period, when the selection of the monthly
maximum spectra is done, corresponding to the point in time
of the maximum wave energy. The remaining seasons are
included in the Supplement. Each figure presents, for each
location, the spring (MAM) mean of the wave spectrum
monthly means or maxima for the hindcast and the mul-
timodel ensemble mean during the baseline period (1979–
2005) and the differences between the multimodel ensemble
mean for the mid-century (2034–2060) and the end of the
century (2074–2100) with respect to the baseline period. The
stippling indicates regions where at least 80 % of the mod-
els agree with the sign of the change. The lack of stippling
indicates low model agreement (less than 80 %).

Regarding the projected changes in the monthly mean
wave spectra (Fig. 8), it can be observed that West-1 (Alb-
oran Sea) presents similar 2D spectra between the hindcast
and the ensemble mean for baseline conditions for the most
energetic easterly waves, with robust projected increases for
both periods leading to a projected change in bimodal hind-
cast spectra to predominantly unimodal easterly swells. For
the North-1 (Ligurian Sea) location, it can be noted that the
ensemble presents higher spectrum values with respect to
hindcasts for the main southwesterly system, and the projec-
tions indicate different behaviors in this system depending
on the frequency, although without model agreement. The
Centre-3 (Ionian Sea) location presents projected decreases
for the more energetic southeasterly wind at the lower fre-
quencies for both periods and an increase for the higher fre-
quencies.

The West-2 (Western Mediterranean) location depicts fu-
ture behavior in which the main hindcast NW–N swell sys-
tem presents an increase in both periods, although without
model agreement, and a robust decrease in the less energetic

southwesterly waves. These were not noticeable in the hind-
cast. This behavior is also observed in the North-2 (Adri-
atic Sea) location, where a robust increase in the southeast-
erly waves is depicted for both periods. On the other hand,
different behavior is observed for the remaining locations,
where the projected changes indicate a robust decrease in
the most energetic swell system. For the Centre-2 (Central
Mediterranean) and South-1 (Gulf of Sidra) locations, an in-
crease can be observed for the less energetic systems, al-
though without model agreement.

Regarding the projected changes in the monthly maximum
wave spectra during spring (Fig. 9), a projected increase,
without model agreement, is observed in the main southeast-
erly swell system of North-1 (Ligurian Sea), leading to more
intense southwesterly storm events. This behavior is also ob-
served for the West-1 (Alboran Sea), North-2 (Adriatic Sea),
and West-2 (Western Mediterranean) locations, where an in-
crease in the main system is observed for future conditions.
Centre-3 (Ionian Sea) provides different results, with a main
SE–SW hindcast swell system that depicts robust projected
decreases for NW waves and increases for SW–W waves
for the higher frequencies, leading to a more bimodal or
unimodal behavior, in contrast to the hindcast multimodal
extreme wave spectra. For the Centre-2 (Central Mediter-
ranean) and Centre-4 (Aegean Sea) locations, different be-
haviors are observed for the varying frequencies and direc-
tions of the spectra, with no definite results on the future
behavior of the systems. Finally, Centre-1 (Tyrrhenian Sea),
South-1 (Gulf of Sidra), East-1 (Levantine Sea), and East-2
(Eastern Mediterranean) present robust decreases in the main
energetic systems for both future periods. It can be high-
lighted that, for all of the locations, the ensemble mean un-
der baseline conditions provides an accurate representation
of the hindcast wave spectra, highlighting the performance
of the SEGDM-month method and the energy distribution
provided by the GCM–RCMs.

4 Discussion and conclusions

This work presents the application of a novel bias correc-
tion technique designed for 2D wave spectra by means of
the conservation of the integrated wave energy. Although the
application of bias correction techniques is extended among
hydrological impact studies and the need for and benefits of
wave projections have been highlighted by recent studies ap-
plied to integrated wave parameters (Lemos et al., 2020b, a;
Lira Loarca et al., 2023), the correction of the 2D direc-
tional wave spectra using the integral frequency and direc-
tional dimensions remains unexplored (Lobeto et al., 2021a;
Lira-Loarca and Besio, 2022). Lira-Loarca and Besio (2022)
performed bias adjustment by applying the widespread delta
method to the seasonal mean statistics of the wave spectra on
a bin-by-bin basis, which did not allow for a reconstruction of
the complete time series of spectra and led to a lack of energy
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Figure 5. Monthly mean 2D spectra averaged over the spring (MAM; m2 s per degree). For each location: hindcast wave spectrum (a), bias
between the raw worst-performing GCM–RCM and the hindcast (b), and 1Bias between the bias-adjusted Bias∗ and the raw bias (c).
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Figure 6. Monthly mean 2D spectra averaged over the summer (JJA; m2 s per degree). For each location: hindcast wave spectrum (a), bias
between the raw worst-performing GCM–RCM and the hindcast (b), and 1Bias between the bias-adjusted Bias∗ and the raw bias (c).
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Figure 7. Monthly mean 2D spectra averaged over the fall (SON; m2 s per degree). For each location: hindcast wave spectrum (a), bias
between the raw worst-performing GCM–RCM and the hindcast (b), and 1Bias between the bias-adjusted Bias∗ and the raw bias (c).
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Figure 8. Spring (MAM) seasonal mean 2D spectra (m2 s per degree). For each location: hindcast wave spectrum, ensemble mean for
baseline conditions, and changes between the multimodel bias-adjusted ensemble mean with respect to the baseline period for mid-century
(2034–2060) and end-of-century conditions (2074–2100), for all the analyzed locations in the Mediterranean Sea. Stippling indicates regions
where at least 80 % of the models agree on the sign of the change. A lack of stippling indicates low model agreement (less than 80 %). The
star in the hindcast or left panel represents the locations of the points corresponding to Fig. 1.

https://doi.org/10.5194/os-21-767-2025 Ocean Sci., 21, 767–785, 2025



780 A. Lira-Loarca and G. Besio: Correcting wave spectrum biases for climate projections

Figure 9. Monthly maximum 2D spectra averaged over spring (MAM; m2 s per degree). For each location: hindcast wave spectrum, ensemble
mean for the baseline, and changes between the multimodel bias-adjusted ensemble mean with respect to the baseline period for mid-century
(2034–2060) and end-of-century conditions (2074–2100), for all of the analyzed locations in the Mediterranean Sea. The stippling indicates
regions where at least 80 % of the models agree on the sign of the change. A lack of stippling indicates low model agreement (less than
80 %).
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Figure 10. Mean directional spectra for spring (March, April, and May). Panel (a) is extracted from Fig. 8, indicating the hindcast wave
spectrum, ensemble mean for baseline conditions (1979–2005), and changes between the multimodel bias-adjusted ensemble mean with
respect to the baseline period in RCP8.5 for mid-century (2034–2060) and end-of-century conditions (2074–2100). Panel (b) is extracted from
Fig. 5 of Lira-Loarca and Besio (2022), representing, for each location, the hindcast data and projected percent change for the multimodel
ensemble for the middle of the century and the end of the century. In both panels, the stippling indicates regions where at least 80 % of the
models agree on the sign of the change.

conservation within the bias-corrected spectra, and it is not
flexible in allowing possible future directional and frequency
shifts that were not present under the historical baseline con-
ditions. This study is the first attempt to perform bias adjust-
ment of 2D directional wave spectra, not bin by bin, but in
an integrated frequency–direction manner. SEGDM-month
works on the correction of the integrated wave energy param-
eter, taking into account the intra-annual variability and al-
lowing energy distribution in the frequency and direction fol-
lowing the climate signal of the GCM–RCM. The choice to
maintain the energy distribution given by the original GCM–
RCM allows one to explore the possible shifts in direction
and periods given by the global climate models not present
under historical conditions. In order to compare the possible
implications of the bias correction technique for the assess-
ment of future changes, Fig. 10 presents the mean directional
spectra for spring (March, April, and May) obtained by Lira-

Loarca and Besio (2022) and the ones presented in this pa-
per. It can be observed that, for the West-1 (Alboran Sea) and
Centre-3 (Ionian Sea) locations, both the delta and SEGDM-
month methods lead to a similar distribution for changes un-
der mid-century conditions, whereas some changes present
in the delta method for the end of the century, such as a
robust decrease for the western system in West-1 (Alboran
Sea) and increases in the easterly directions for Centre-3 (Io-
nian Sea), are not present in the SEGDM-month method. On
the other hand, for North-1 (Ligurian Sea), different, almost
contrary results are obtained by the two methods, where an
increase in northerly swells was depicted for the end of the
century for the delta method that was not present in SEGDM-
month, where both decreases and increases are obtained for
the main southwesterly system. Therefore, the choice of bias
correction method is crucial for a correct assessment of fu-
ture changes and, consequently, coastal and marine adapta-
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Figure 11. Results of the monthly maximum 2D spectra averaged over the winter (DJF). For each location: hindcast wave spectrum (a),
RMSE between the raw worst-performing GCM–RCM and the hindcast (b), and 1RMSE between the bias-adjusted RMSE∗ and the raw
RMSE (c).
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tion and resilience strategies. This work highlights the need
to consider possible future shifts in the 2D wave spectra for
local impact assessments instead of only considering changes
in integrated parameters such as significant wave height and
mean wave direction.

The SEGDM-month bias correction method presented in
this work allows correction of the full time series of the 2D
directional wave spectra and better characterization of ex-
tremes due to the fit of a Gumbel distribution to the upper tail
of the energy distribution, which, to the best of the authors’
knowledge, has not been addressed in previous studies. Fig-
ure 11 presents, for each location analyzed, the winter (DJF)
mean of the wave spectrum monthly maxima for the hindcast
(left), the RMSE between the hindcast and raw GCM–RCM
(middle), and the difference in the bias 1RMSE (Eq. 7) for
the bias-adjusted GCM–RCM (right). For each location, the
worst-performing GCM–RCM is presented. It can be seen
that, for all of the locations except North-2 (Adriatic Sea)
and Centre-4 (Aegean Sea), there is an improvement in the
performance of the baseline simulation of GCM–RCM, high-
lighting the ability of the proposed method to adjust the bi-
ases for different 2D spectrum distributions. Following these
results, further studies could focus on multivariate bias cor-
rection techniques, although care must be taken to allow pos-
sible bin shifts given by future climate signals and to account
for the wave temporal variability and extreme events.

This study focuses on bias correction and future changes
in directional wave spectra, relying exclusively on the high-
emission, business-as-usual scenario RCP8.5. This approach
provides insights into future changes and risks in a plausi-
ble yet pessimistic scenario. However, the use of a single
scenario is recognized as a limitation for developing mitiga-
tion strategies, as incorporating multiple emission and miti-
gation pathways would enable a more comprehensive assess-
ment of projected wave climate changes. The decision to use
RCP8.5 only was driven by constraints on computational re-
sources and data storage, which are necessary for simulat-
ing a large ensemble of GCM–RCM wave climate projec-
tions. Additionally, within EURO-CORDEX, the availability
of GCM–RCM forcings is significantly greater for RCP8.5
than for other scenarios. Future research should address this
limitation by incorporating a wider range of emission and
mitigation scenarios, ensuring an optimal balance between
scenarios, GCMs, and RCMs.

This work represents a step forward in the analysis of 2D
wave spectrum projections, which allows identification of
changes in individual wave systems and a more detailed and
realistic assessment of future wave changes with respect to
the use of integrated wave parameters where mean or peak
values do not allow for full understanding of the complexi-
ties of wave climate dynamics.

Code availability. The code used in this study re-
lies on the following open-source Python libraries:

xarray (Hoyer and Hamman, 2017), wavespectra
(https://doi.org/10.5281/zenodo.5171588, Guedes et al., 2021),
and xclim (https://doi.org/10.5281/zenodo.5146351, Logan et al.,
2021). These packages are publicly available and can be accessed
via their respective repositories.

Data availability. The dataset used in this study is publicly avail-
able at SEANOE (https://doi.org/10.17882/96905, Lira-Loarca and
Besio, 2023).

Supplement. The supplement related to this article is available on-
line at https://doi.org/10.5194/os-21-767-2025-supplement.

Author contributions. GB conceptualized the study. ALL devel-
oped the methodology, performed the analysis, and prepared the
visualization and original draft of the manuscript. ALL and GB re-
viewed and edited the manuscript, and they administrated and ac-
quired the financial support for the projects leading to this publica-
tion.

Competing interests. The contact author has declared that neither
of the authors has any competing interests.

Disclaimer. Publisher’s note: Copernicus Publications remains
neutral with regard to jurisdictional claims made in the text, pub-
lished maps, institutional affiliations, or any other geographical rep-
resentation in this paper. While Copernicus Publications makes ev-
ery effort to include appropriate place names, the final responsibility
lies with the authors.

Acknowledgements. The authors acknowledge the CINECA
ISCRA-C IsC87-UNDERSEA, IsC87-FUWAMEBI, IsCa2-
COCORITE, and IsCa2-EXWAMED projects for the computing
resources to perform the GCM–RCM wave projections and
postprocessing.

The authors thank the developers of the scientific software that
enabled this study, i.e., xarray (Hoyer and Hamman, 2017),
wavespectra (Guedes et al., 2021), and xclim (Logan et al.,
2021).

Financial support. This research has been supported by the Ital-
ian Ministry of University and Research (Young Researchers Seal
of Excellence grant – FOCUSMed project) and the European
Union Next-GenerationEU (National Recovery and Resilience Plan
– NRRP, Mission 4, Component 2, Investment 1.3 – D.D. 1243
2/8/2022, PE0000005) – RETURN Extended Partnership.

Review statement. This paper was edited by Denise Fernandez and
reviewed by two anonymous referees.

https://doi.org/10.5194/os-21-767-2025 Ocean Sci., 21, 767–785, 2025

https://doi.org/10.5281/zenodo.5171588
https://doi.org/10.5281/zenodo.5146351
https://doi.org/10.17882/96905
https://doi.org/10.5194/os-21-767-2025-supplement


784 A. Lira-Loarca and G. Besio: Correcting wave spectrum biases for climate projections

References

Ardhuin, F., Rogers, E., Babanin, A. V., Filipot, J.-F., Magne, R.,
Roland, A., van der Westhuysen, A., Queffeulou, P., Lefevre, J.-
M., Aouf, L., and Collard, F.: Semiempirical Dissipation Source
Functions for Ocean Waves. Part I: Definition, Calibration, and
Validation, J. Phys. Oceanogr., 40, 1917–1941, 2010.

Barbariol, F., Davison, S., Falcieri, F. M., Ferretti, R., Ric-
chi, A., Sclavo, M., and Benetazzo, A.: Wind Waves
in the Mediterranean Sea: An ERA5 Reanalysis Wind-
Based Climatology, Frontiers in Marine Science, 8, 760614,
https://doi.org/10.3389/fmars.2021.760614, 2021.

Besio, G., Mentaschi, L., and Mazzino, A.: Wave en-
ergy resource assessment in the Mediterranean Sea on
the basis of a 35-year hindcast, Energy, 94, 50–63,
https://doi.org/10.1016/j.energy.2015.10.044, 2016.

Christensen, J. H., Boberg, F., Christensen, O. B., and Lucas-
Picher, P.: On the need for bias correction of regional climate
change projections of temperature and precipitation, Geophys.
Res. Lett., 35, L20709, https://doi.org/10.1029/2008GL035694,
2008.

Christensen, O., Drews, M., Christensen, J., Dethloff, K.,
Hebestadt, I., Ketelsen, K., and Rinke, A.: The HIRHAM re-
gional climate model version 5 (beta), DMI Technical Report 06-
17, http://www.dmi.dk/dmi/tr06-17 (last access: 11 April 2025),
2007.

Costoya, X., Rocha, A., and Carvalho, D.: Using bias-correction to
improve future projections of offshore wind energy resource: A
case study on the Iberian Peninsula, Appl. Energ., 262, 114562,
https://doi.org/10.1016/j.apenergy.2020.114562, 2020.

De Leo, F., Besio, G., and Mentaschi, L.: Trends and variability
of ocean waves under RCP8.5 emission scenario in the Mediter-
ranean Sea, Ocean Dynam., 71, 97–117, 2021.

Déqué, M.: Frequency of precipitation and temperature extremes
over France in an anthropogenic scenario: Model results and sta-
tistical correction according to observed values, Global Planet.
Change, 57, 16–26, 2007.

Di Biagio, V., Cossarini, G., Salon, S., and Solidoro, C.: Extreme
event waves in marine ecosystems: an application to Mediter-
ranean Sea surface chlorophyll, Biogeosciences, 17, 5967–5988,
https://doi.org/10.5194/bg-17-5967-2020, 2020.

Echevarria, E. R., Hemer, M. A., and Holbrook, N. J.: Sea-
sonal Variability of the Global Spectral Wind Wave
Climate, J. Geophys. Res.-Oceans, 124, 2924–2939,
https://doi.org/10.1029/2018JC014620, 2019.

Guedes, R., Durrant, T., Johnson, D., Perez, J., de Bruin,
R., Harrington, J., Rapizo, H., and Bak, S.: Wavespec-
tra: Python library for ocean wave spectra, Zenodo [code],
https://doi.org/10.5281/zenodo.5171588, 2021.

Hoyer, S. and Hamman, J.: xarray: ND labeled arrays and datasets
in Python, Journal of Open Research Software, 5, p. 10, 2017.

IPCC: Summary for Policymakers, chap. SPM, Cambridge Uni-
versity Press, Cambridge, United Kingdom and New York, NY,
USA, https://doi.org/10.1017/9781009157964.001, 2019.

Jacob, D., Petersen, J., Eggert, B., Alias, A., Christensen, O. B.,
Bouwer, L. M., Braun, A., Colette, A., Déqué, M., Georgievski,
G., Georgopoulou, E., Gobiet, A., Menut, L., Nikulin, G.,
Haensler, A., Hempelmann, N., Jones, C., Keuler, K., Kovats, S.,
Kröner, N., Kotlarski, S., Kriegsmann, A., Martin, E., van Mei-
jgaard, E., Moseley, C., Pfeifer, S., Preuschmann, S., Raderma-

cher, C., Radtke, K., Rechid, D., Rounsevell, M., Samuelsson,
P., Somot, S., Soussana, J.-F., Teichmann, C., Valentini, R., Vau-
tard, R., Weber, B., and Yiou, P.: EURO-CORDEX: new high-
resolution climate change projections for European impact re-
search, Reg. Environ. Change, 14, 563–578, 2014.

Jacob, D., Teichmann, C., Sobolowski, S., Katragkou, E., Anders, I.,
Belda, M., Benestad, R., Boberg, F., Buonomo, E., Cardoso, R.
M., and Casanueva, A.: Regional climate downscaling over Eu-
rope: perspectives from the EURO-CORDEX community, Reg.
Environ. Change, 20, 1–20, 2020.

Lazzari, P., Solidoro, C., Ibello, V., Salon, S., Teruzzi, A., Béranger,
K., Colella, S., and Crise, A.: Seasonal and inter-annual vari-
ability of plankton chlorophyll and primary production in the
Mediterranean Sea: a modelling approach, Biogeosciences, 9,
217–233, https://doi.org/10.5194/bg-9-217-2012, 2012.

Lemos, G., Menendez, M., Semedo, A., Camus, P., Hemer, M., Do-
brynin, M., and Miranda, P. M.: On the need of bias correction
methods for wave climate projections, Global Planet. Change,
186, 103109, https://doi.org/10.1016/j.gloplacha.2019.103109,
2020a.

Lemos, G., Semedo, A., Dobrynin, M., Menendez, M., and Mi-
randa, P. M. A.: Bias-Corrected CMIP5-Derived Single-Forcing
Future Wind-Wave Climate Projections toward the End of the
Twenty-First Century, J. Appl. Meteorol. Clim., 59, 1393–1414,
https://doi.org/10.1175/JAMC-D-19-0297.1, 2020b.

Leutwyler, D., Lüthi, D., Ban, N., Fuhrer, O., and Schär, C.: Eval-
uation of the convection-resolving climate modeling approach
on continental scales, J. Geophys. Res.-Atmos., 122, 5237–5258,
https://doi.org/10.1002/2016JD026013, 2017.

Lira-Loarca, A. and Besio, G.: Future changes and seasonal vari-
ability of the directional wave spectra in the Mediterranean
Sea for the 21st century, Environ. Res. Lett., 17, 104015,
https://doi.org/10.1088/1748-9326/ac8ec4, 2022.

Lira-Loarca, A., Cobos, M., Besio, G., and Baquerizo, A.:
Projected wave climate temporal variability due to cli-
mate change, Stoch. Env. Res. Risk A., 35, 1741–1757,
https://doi.org/10.1007/s00477-020-01946-2, 2021a.

Lira-Loarca, A., Ferrari, F., Mazzino, A., and Besio, G.: Fu-
ture wind and wave energy resources and exploitability in
the Mediterranean Sea by 2100, Appl. Energ., 302, 117492,
https://doi.org/10.1016/j.apenergy.2021.117492, 2021b.

Lira Loarca, A., Berg, P., Baquerizo, A., and Besio, G.: On the role
of wave climate temporal variability in bias correction of GCM-
RCM wave simulations, Clim. Dynam., 61, 3541–3568, 2023.

Lira-Loarca, A. and Besio, G.: MeteOcean 2D wave spec-
tra statistics in the Mediterranean Sea: multi-model ensem-
ble of GCM-RCMs projections by 2100, SEANOE [data set],
https://doi.org/10.17882/96905, 2023.

Lobeto, H., Menendez, M., and Losada, I. J.: Projections
of Directional Spectra Help to Unravel the Future Behav-
ior of Wind Waves, Frontiers in Marine Science, 8, 558,
https://doi.org/10.3389/fmars.2021.655490, 2021a.

Lobeto, H., Menendez, M., and Losada, I. J.: Future behavior of
wind wave extremes due to climate change, Sci. Rep., 11, 1–12,
2021b.

Logan, T., Bourgault, P., Smith, T. J., Huard, D., Biner, S.,
Labonté, M.-P., Rondeau-Genesse, G., Fyke, J., Aoun, A.,
Roy, P., Ehbrecht, C., Caron, D., Stephens, A., Whelan, C.,

Ocean Sci., 21, 767–785, 2025 https://doi.org/10.5194/os-21-767-2025

https://doi.org/10.3389/fmars.2021.760614
https://doi.org/10.1016/j.energy.2015.10.044
https://doi.org/10.1029/2008GL035694
http://www.dmi.dk/dmi/tr06-17
https://doi.org/10.1016/j.apenergy.2020.114562
https://doi.org/10.5194/bg-17-5967-2020
https://doi.org/10.1029/2018JC014620
https://doi.org/10.5281/zenodo.5171588
https://doi.org/10.1017/9781009157964.001
https://doi.org/10.5194/bg-9-217-2012
https://doi.org/10.1016/j.gloplacha.2019.103109
https://doi.org/10.1175/JAMC-D-19-0297.1
https://doi.org/10.1002/2016JD026013
https://doi.org/10.1088/1748-9326/ac8ec4
https://doi.org/10.1007/s00477-020-01946-2
https://doi.org/10.1016/j.apenergy.2021.117492
https://doi.org/10.17882/96905
https://doi.org/10.3389/fmars.2021.655490


A. Lira-Loarca and G. Besio: Correcting wave spectrum biases for climate projections 785

and Low, J.-F.: Ouranosinc/xclim: v0.28.1, Zenodo [code],
https://doi.org/10.5281/zenodo.5146351, 2021.

Mentaschi, L., Besio, G., Cassola, F., and Mazzino, A.:
Developing and validating a forecast/hindcast system for
the Mediterranean Sea, J. Coastal Res., 65, 1551–1556,
https://doi.org/10.2112/SI65-262.1, 2013a.

Mentaschi, L., Besio, G., Cassola, F., and Mazzino, A.: Problems in
RMSE-based wave model validations, Ocean Model., 72, 53–58,
2013b.

Mentaschi, L., Besio, G., Cassola, F., and Mazzino,
A.: Performance evaluation of Wavewatch III in
the Mediterranean Sea, Ocean Model., 90, 82–94,
https://doi.org/10.1016/j.ocemod.2015.04.003, 2015.

Morim, J., Hemer, M., Cartwright, N., Strauss, D., and An-
dutta, F.: On the concordance of 21st century wind-wave
climate projections, Global Planet. Change, 167, 160–171,
https://doi.org/10.1016/j.gloplacha.2018.05.005, 2018.

Mortlock, T. R. and Goodwin, I. D.: Directional wave climate and
power variability along the Southeast Australian shelf, Cont.
Shelf Res., 98, 36–53, https://doi.org/10.1016/j.csr.2015.02.007,
2015.

Oppenheimer, M., Glavovic, B. C., Hinkel, J., van de Wal,
R., Magnan, A. K., Abd-Elgawad, A., Cai, R., Cifuentes-
Jara, M., Deconto, R. M., Ghosh, T., Hay, J., Isla, F.,
Marzeion, B., Meyssignac, B., and Sebesvari, Z.: Sea
Level Rise and Implications for Low Lying Islands, Coasts
and Communities, chap. 4, Cambridge University Press,
Cambridge, United Kingdom and New York, NY, USA,
https://doi.org/10.1017/9781009157964.006, 2019.

Outten, S. and Sobolowski, S.: Extreme wind projections
over Europe from the Euro-CORDEX regional climate
models, Weather and Climate Extremes, 33, 100363,
https://doi.org/10.1016/j.wace.2021.100363, 2021.

Portilla-Yandún, J., Salazar, A., and Cavaleri, L.: Climate pat-
terns derived from ocean wave spectra, Geophys. Res. Lett., 43,
11736–11743, https://doi.org/10.1002/2016GL071419, 2016.

Rascle, N. and Ardhuin, F.: A global wave parameter database for
geophysical applications. Part 2: Model validation with improved
source term parameterization, Ocean Model., 70, 174–188, 2013.

Shimura, T. and Mori, N.: High-resolution wave climate hindcast
around Japan and its spectral representation, Coast. Eng., 151,
1–9, https://doi.org/10.1016/j.coastaleng.2019.04.013, 2019.

Strandberg, G., Bärring, L., Hansson, U., Jansson, C., Jones, C.,
Kjellström, E., Kolax, M., Kupiainen, M., Nikulin, G., Samuels-
son, P., Ullerstig, A., and Wang, S.: CORDEX scenarios for Eu-
rope from the Rossby Centre, regional climate model RCA4,
Tech. Rep. 116, SMHI, https://urn.kb.se/resolve?urn=urn:nbn:se:
smhi:diva-2839 (last access: 11 April 2025), 2014.

Teutschbein, C. and Seibert, J.: Bias correction of regional climate
model simulations for hydrological climate-change impact stud-
ies: Review and evaluation of different methods, J. Hydrol., 456-
457, 12–29, https://doi.org/10.1016/j.jhydrol.2012.05.052, 2012.

The WAVEWATCH III:® Development Group: User man-
ual and documentation WAVEWATCH III® v6.07, Tech.
rep., https://github.com/NOAA-EMC/WW3/wiki/Manual (last
access: 11 April 2025), 2019.

Villas Bôas, A. B., Gille, S. T., Mazloff, M. R., and Cornuelle, B. D.:
Characterization of the Deep Water Surface Wave Variability in
the California Current Region, J. Geophys. Res.-Oceans, 122,
8753–8769, https://doi.org/10.1002/2017JC013280, 2017.

Will, A., Akhtar, N., Brauch, J., Breil, M., Davin, E., Ho-
Hagemann, H. T. M., Maisonnave, E., Thürkow, M., and Wei-
her, S.: The COSMO-CLM 4.8 regional climate model coupled
to regional ocean, land surface and global earth system mod-
els using OASIS3-MCT: description and performance, Geosci.
Model Dev., 10, 1549–1586, https://doi.org/10.5194/gmd-10-
1549-2017, 2017.

https://doi.org/10.5194/os-21-767-2025 Ocean Sci., 21, 767–785, 2025

https://doi.org/10.5281/zenodo.5146351
https://doi.org/10.2112/SI65-262.1
https://doi.org/10.1016/j.ocemod.2015.04.003
https://doi.org/10.1016/j.gloplacha.2018.05.005
https://doi.org/10.1016/j.csr.2015.02.007
https://doi.org/10.1017/9781009157964.006
https://doi.org/10.1016/j.wace.2021.100363
https://doi.org/10.1002/2016GL071419
https://doi.org/10.1016/j.coastaleng.2019.04.013
https://urn.kb.se/resolve?urn=urn:nbn:se:smhi:diva-2839
https://urn.kb.se/resolve?urn=urn:nbn:se:smhi:diva-2839
https://doi.org/10.1016/j.jhydrol.2012.05.052
https://github.com/NOAA-EMC/WW3/wiki/Manual
https://doi.org/10.1002/2017JC013280
https://doi.org/10.5194/gmd-10-1549-2017
https://doi.org/10.5194/gmd-10-1549-2017

	Abstract
	Introduction
	Methods and data
	Projections of directional wave spectra
	Skill statistics
	Bias correction
	Performance of bias correction methods
	Projected changes in the 3D directional wave spectra

	Results
	Performance of bias-adjusted 2D directional wave spectra
	Future changes in 2D wave spectra in RCP8.5

	Discussion and conclusions
	Code availability
	Data availability
	Supplement
	Author contributions
	Competing interests
	Disclaimer
	Acknowledgements
	Financial support
	Review statement
	References

